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Abstract:

Lung cancer is the most common cause of cancer death overall in
the world, killing 1.76 million people each year. It is the most
common type of cancer in men and the third most common in
women. While it is often directly linked to smoking, 10-20 Only % of
individuals who develop the disease have never smoked before. In
the early stages of lung cancer, there may be few, if any, signs that
indicate that something is wrong. This often leads to late diagnosis,
and its spread in recent years has led to an increase in death rates.
There are There is a possibility that the number of infections will
increase in the coming years. Given the problems that visual
diagnosis of these diseases suffers from, including obtaining incorrect
and inaccurate results, and taking a lot of time and effort, modern
technologies have recently been used, specifically machine learning
techniques, in analyzing and classifying these diseases. Diseases in
order to help doctors in early and accurate detection of diseases, as
well as overcome the problem of the shortage of expert doctors in
rural areas, where chest GitHub is open source. This study proposes
a machine vision method in order to detect lung cancer in chest X-

ray images. A classification model was built using the features taken
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from The one used in this research has great performance in terms
of classification, and the proposed HOG feature technology has
provided a high accuracy range of up to (96.6%).
Keywords: lung cancer, chest X-ray images, radiology images,
machine learning.
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Table 1. The proposed COVID chest x-ray dataset.

Dataset | Viral pneumonia | Normal | Cancer | Total images
Total 1345 1341 1200 3886

Example of X-ray images for Cancer patient

Example of X-raysior Normal Patient
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Table 2: The orientation bins

Bin number Direction
1 0°-20°
2 20°-40°
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Table3.
Viral
Dataset . Normal Cancer Total images
pneumonia
Train 659 657 588 1904
Validation 282 282 252 816
Test 404 402 360 1166
Total 1345 1341 1200 3886
Table4. Confusion matrix
Cancer normal Viral pneumonia
Cancer 346 4 10
Normal 1 382 19
Viral pneumonia 3 19 381
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